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/.  Introduction 
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^Regardless  of  whether  a  Carte.sian  or  Internal  coordinate  system  is  used.  However,  the  internal  coordinate  system  has  fewer 
independent  variables 
^See  Appendix  B.3.3 

^Because  GAs  are  loosely  based  on  natural  evolution,  many  of  the  terms  associated  with  natural  evolution  are  used  inter¬ 
changeably  with  the  terms  created  specifically  for  genetic  algorithms  (67). 
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1.7  Summary 


®Not  to  be  confused  with  Evolutionary  Programming,  see  Section  2.4. 
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^Analysis  of  Variance,  see  Appendix  F.l  for  more  details.  Concern  has  be  raised  about  lack  of  variability  because  a  single 
seed  set  was  used.  The  Kruskal- Wallis  H  Test  (Appendix  F.2)  was  used  as  an  independent  method  to  verify  the  ANOVA  results. 
The  conclusions  were  the  same.  Kruskal- Wallis  results  are  not  shown 

^  Hypothesis  testing  was  not  done  on  run  times  because  system  loading  in  the  multi-user  environment  could  not  be  controlled. 
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Suppose  we  have  k  independent  samples  from  k  populations.  We  wish  to  test  the  null  hypothesis 

Ho  :  the  samples  are  from  identical  populations 
against  the  alternative  hypothesis 


1.  Compute  h.  Calculate 


Hi  :  the  populations  are  not  identical 
at  the  a  level  of  significance. 


h  = 


12 

n(n  +  1) 


k — - 3(ra  +  1) 

ra. 


2.  Accept  or  reject  Ho-  If  h  >  reject  Ho;  otherwise  accept  Ho. 
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